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Improved Sample Image Inpainting Algorithm
Based on Image Structure Tensor

ZHANG Yong

(Sichuan Tourism University, Chengdu 610100, China)

Abstract; The image restoration strategy based on sample Criminisi algorithm is not very effective
when repairing images with complex structures. To solve this problem, this paper proposes an image
restoration algorithm based on image structure tensor and improved Criminisi sample. The algorithm
uses the combination of image structure tensor and image gradient to detect the image structure to
achieve the distinction between significant and non-significant image structures. In addition, the
priority function in the Crinisi algorithm is improved, and an optimal distance heuristic method is
proposed to calculate the priority weight, which takes full account of the image features around the
pixels to be repaired, thus enhancing the image structure. Experimental results show that the proposed
algorithm can effectively achieve image restoration, and the restoration performance is better than
other algorithms.
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